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It was also found that the estimation of the water vapor profile performs well for cases with simple E
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o We have developed a compact, lightweight, low-cost ground-based MWR that uses a  vapor profile estimations. The simplicity and mobility of our compact MWR will enable
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compact MWR can observe water vapor with good accuracy. The water vapor observation and it will facilitate innovative water vapor observations.
data obtained by our compact MWR can be used for data assimilation and it could contribute *"Compact Microwave Radiometer for Water Vapor Estimation with Machine Learning Method*
to weather forecasting. As a future work, we plan to incorporate ground weather data (such as Minowa, M., K. Araki, and Y. Takashima, 2024: SOLA, doi: 10.2151/s0la.2024-045.
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