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Figure 7. The R?values across different algorithms show contrasting trends, with LEDAPS exhibiting large R*
values, while other algorithms display very low values. Data points are derived using centroid coordinates.
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Figure 1. Map of Adirondack Park and sampled ADK lakes. analyzing changes in water transparency, biomass, and sediment over time.
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similar trends, while FLAASH shows more variability over time.
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