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evaluating vegetation stress and determining wildfire likelihood Iin
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» Identify areas throughout Alaska that are prone to drought and
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< ok The ALEXlI ESI had a low correlation to the MODIS-derived NDVI
poroducts, which demonstrates that the ALEXI ESI product may be
detecting stress in green vegetation, providing increased lead time in
. wildfire detection. The ALEXI ESI had an overall accuracy of 61% when
ECII"l'h ObserVCI'l'lOnS compared to the USDA Drought Monitor drought classification areas
: ) during June and July of 2018, showing that in the areas classified as
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better with the ALEX| ESI datq, incorporate lightning data to further
analyze the occurrence and spread of wildfires, and identify various
vegetation indices that could be compared to the ALEXI ESI product.
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