24th Conference on IOAS-AOLS, 13 January 2020, Boston, Massachusetts Poster: 234

ﬁ ’ARN on y
E;J - = Bnet [FORECAST

-—4“ -

Cooperative Institute for Mesoscale Meteorological Studies

Testing the Feature Alignment Technique (FAT) with Multiple Storms

sy o Oy
€ ang ATMoSPHER®

Derek R. Stratman'-?, Corey K. Potvin?, and Louis J. Wicker?

ICooperative Institute for Mesoscale Meteorological Studies, University of Oklahoma; “NOAA/OAR National Severe Storms Laboratory

Background FAT Process Preliminary Results
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* However, the impacts of using the FAT with multiple storms in a WoF Real-Data Experiment
data assimilation and forecast system (WoFS) are unclear.
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