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EAST
Bias: 2.9792 Bias: 1.8296
CSl: 0.0584 CSl: 0.1635
POD: 0.2197 POD: 0.3977
FAR: 0.9262 FAR: 0.7827
Obs Coverage: 0.0060 Obs Coverage: 0.0417

WEST EAST

Bias: 3.0827 Bias: 1.7660

CSl: 0.0541 CSl: 0.1289

POD: 0.2095 POD: 0.3159

FAR: 0.9320 FAR: 0.8211

Obs Coverage: 0.0060 Obs Coverage: 0.0417

EAST
Bias: 2.9112 Bias: 1.3256
CSl: 0.0703 CSl: 0.1438
POD: 0.2570 POD: 0.2925
FAR: 0.9117 FAR: 0.7794
Obs Coverage: 0.0085 Obs Coverage: 0.0592

Focus case: 19 UTC 19 June 2014 Initial runs of the HRRR with and without the satellite derived CTCR in both the RAP

Case s:tudy example for 19 J_u_ne 2014, 1900-2000 UTC. As ir_1 the overall statistics, the background field and the HRRR itself show a larger sensitivity to the background field
analysis with CTCR data verifies better than the control run without the data, but at 1h the than the data. We will work on improving the RAP background field as well as how we

number of hits drops, the misses and false alarms go up. RAP apply the CTCR in the HRRR. H RRR
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CSl: 0.0694 CSl: 0.1962
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FAR: 0.8853 FAR: 0.7111

Obs Coverage: 0.0085 Obs Coverage: 0.0592
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from UAH for assimilation to improve CI
CTCR has a definite positive impact on the analyses, however this is lost in the early forecasts. We think it might be a case of too much too fast. deteCtion and reduce nOise

RAP scores by forecast length 35 dBz
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interesting cases are ongoing.




