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The SPICy project aims at tackling the issue of cyclonic coastal and inland floods forecast in the French Overseas. Under the responsibility of RSMC La Réunion, the southwest Indian Ocean (SWIO) has a similar TC activity to that of the North
Atlantic [1]. La Réunion island is exposed to cyclone-induced hazards such as devastating winds, torrential rain, marine and river inundations. It is a small (60 km wide) and steep (3 km high) volcanic island with a complex orography. Therefore,
the potential coastal impact is tightly related to the track and intensity evolution of tropical cyclones (TCs) transiting nearby in a context of rather great forecast uncertainty (mean position errors are about 80 and 150 km at 24 and 48 h lead times).
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3. Generate high-resolution ensemble analyses of wind and pressure fields St e ] FIG. 6: (a) Probability of wind exceeding 64 kt on La Réunion on 2014/01/02 from 06 to 12 UTC (TC Bejisa)
through mesoscale modeling oo o) . and (b) the evolution of wind gusts predicted at a specific location (Le Port town) from 2014/01/02 00 UTC up
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e For each individual scenario and at each lead time, the French non-hydrostatic Tl = s to 72 h lead time with the 50%- (blue) and 80%- (grey) probability envelopes.
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FIG. 1: The 14 CLIM-EPS weighted track scenarios for TC Bejisa (2014), together with Meso-NH
wind fields for one scenario at 3 different lead times.

RSMC Regional Specialized Meteorological Center
SWIO Southwest Indian Ocean
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