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Abstract System Design Plot Specification

e eate) Bralusan Tesls (MIET) was develened by e Bevelsmmensl Tsibed Canier (670 o METViewer consists of three interworking components, all implemented in Java. These components

provide the numerical prediction community with common software incorporating the latest advances

In METViewer, the user specifies several criteria that define the characteristics of the plot. These criteria

interact with a SQL database and the R statistical package to manage data and generate plots, e [pEesed) i MIEewer 1o e SVIL deaumait with 8 denee et

respectively. All three components interact using XML.

in forecast verification. Recently, the DTC developed a system for storing and visualizing MET verification . Plot Type: The following basic plot types are supported:
statistics by integrating database and plotting software. The primary focus of this development was to - Database Loader: . Series Plot: displays one or more series of statistics with configurable confidence intervals
provide a configurable tool, called METViewer, for use across several different DTC testing and e el e — Box Plot: displays boxes for each series member, using the Tukey paradigm
. _ . o . specification and loads one / Bar Plot: series values appear as bars
evaluation prOJeCtS' Evaluation activities that the DTC performed over the paSt year, for which or more MET output ASCII _ _ . Rank Histogram: for ensembles, displays a histogram showing the frequencies of the observation rank among the ensemble members
METViewer was utilized, include the Quasi-Normal Scale Elimination (QNSE) Sensitivity Test, the files into a SQL database MET Breh Independent Variable: Lead Time, Valid Time, Initialization Time, Forecast Threshold, Pressure Level, etc.
. . T Outout | —P Loader S5 =¥ plot :
Hydrometeorology Testbed Collaboration (HMT) and the Hazardous Weather Testbed Collaboration . Web Application: Uses A‘;alll 2 iz oFs Dependent Variable(s): Combination of forecast variables (e.g. precip, temp) and verification statistics. Several types
(HWT). It is anticipated that METViewer will be available to the community in the future. an Apache Tomcat JSP web L i 7 of verification statistics are supported.
interface to collect plot METViewer I . Continuous: RMSE, ME, etc.

: : : : - : : : : : . C ical: PODY, GSS, etc.

METViewer ingests MET output into a standard SQL database, which facilitates searching and sorting of information and build an AR AL, €55 G |
- . o . . - . . . XML p|0t jOb speciﬁcation. . Object Based: Centroid Distance, Area Ratio, etc.
. .. . erver 3 A — +—>
aggregates statistics from the database and generates one or more plots. The three primary types of . o : : . . . . .
Batch Engine to generate a | 7 J . Series Information: Specifies what the various plot series represent (e.g. models, thresholds, neighborhood sizes) and
statistics handled are continuous, categorical and object based. Additional calculations, such as olot and present the plot. iNformation about confidence intervals
confidence intervals, bootstrap resampling and observation frequencies, are performed during the . i i
P piing d P 8 Batch Engine: Reads an . Aggregation Information: Controls the way that contingency tables or partial sums are combined to calculate stats
aggregation and plotting process. The primary focus, to date, has been to produce monthly and seasonal XML plot job specification from the command line or Web Application, pulls verification statistics from the database and . o _ _
: . : . e : Plot Formatting: Specifies the appearance of the plot, including:

aggregations of statistics plotted over lead time, valid date and precipitation threshold, along with creates one or more plots using R.

. . . . . . . . Geometry: Sizes, locations, orientations
vertical profile plots, for a number of atmospheric variables, including: temperature, moisture and A typical METViewer usage pattern is to design a plot using the web application, and then expand the . Colors: Series lines or boxes, legend, fonts and lines

Plot Bounds: Automatically calculated or custom, linear or log scale

winds. resulting XML plot specification to generate a large number of plots. Verification experiments typically
involve a number of cases, models and statistics which are compared to one another.
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