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1. Background

» CMIP3 models were shown to have highly variable biases in Amazonia
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5. Historical Evaluations

Figure 8. (a) Rainfall climatology in GPCP; (b)

The difference between multi-model ensemble

precipitation and its seasonality (Li et al. 2006; Vera et al. 2000).
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variables a large range of performance in Nama and NWama. Most models underestimate
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rainfall and the dry biases are strongest in southern tropical South America.

3. Methodology
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» EXxcessive surface solar radiation, strong ITCZs in adjacent oceans and an
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» A Bayesian method is employed to weight the models. The posterior is based on ET

magnitude of drying is about 1 mm/d larger by WGT than MME at the end of the
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assessments of the mean (step 1) and the distribution (step 2). (Jupp et al. 2010;
Murphy et al. 2004)

4. Study Regions

Southern Amazon
(Sama, 70W-50W, 15S-5S)
» Northern Amazon
(Nama, 70W-55W, 5S-5N)
» Northwestern Amazon
(Nwama, 75W-60W, 10S-5N)

Figure 4. Taylor diagram quantifying the correspondence between the simulated and observed domain- NWama (SON) Pr |
215t century, mainly over the eastern Amazon.

averaged annual cycle of precipitation. The markers are denoted in the top left panel.
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Figure 6. Scatter plot of ET and moisture convergence in SON.
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Figure 7. RMSE ranking of precipitation, U850, V850, GH500, U200, Latent heat, sensible heat, net
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South American Monsoon System region
(SAMS, 60W-45W, 17.5S-5S)

30W 5OW 40W >

signs indicate the total water vapor change is not provided as an output variable by HadCMa3.




