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Column Integrated Graupel Elastic Net

Identity objects from grids
with Enhanced Watershed at
each time step.

Link objects into tracks using
a custom distance function

and optimal matching;

Match forecast and observed
tracks using a custom
distance function.

Example applications
Better storm motion estimates
Storm proxy climatologies
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Discretize forecasts into probability bins and save 80701702 03 04 05 05 07708 05 1o
relevant bin counts and total number of forecasts as

DistributedROC and DistributedReliability objects
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counts together object sets and sum

Calculate summary Calculate confidence
statistics, diagrams intervals
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