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The purpose of this work 1s to develop and test a new and enhanced fusion
module 1n the Multisensor Precipitation Estimator (MPE) that would more
effectively 1ntegrate real-time satellite quantitative precipitation estimates
(SQPE). This module consists of a preprocessor that mitigates systematic bias in
SQPE, and a two-way blending routine that statistically fuses adjusted SQPE
with radar estimates. Systematic bias and false alarms are reduced through a
simple quantile matching algorithm with bias-corrected radar estimates as the
reference. The products of this module are validated using independent gauge
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tested through a data denial experiment, and the results of the experiment show Fig. 3. Example results of radar only, radar-gauge, radar-gauge-satellite fusion for August 28, 2006, processed by the offline MPE system with enhancement of integrating satellite data algorithm. (a) radar only mosaic, (b) Mean field bias correction, (c) local bias
that the blending helps reduce the discontinuities along the boundaries of correction, (d) Multi-sensor (Radar-Gauge) fusion, (¢) Multi-sensor (radar-gauge-satellite) fusion.
effective radar coverage and improves the root mean square error.
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