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4) How Can We Model the Impact of Tl on a Wind Turbine?

A power prediction model for a 1.5-MW turbine was trained using results from the aero- :
elastic simulator FAST (Clifton et al. 2013; Fig. 2). Corrected Lidar TI prediction, but not for all stability classes.

2) Lidar Tl estimates can be improved through the use of physics-
based corrections. These corrections generally improve power

-More research needed on how well the corrections perform
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