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set of probability thresholds (P,). The P, means that an event is

regarded as “will occur” when the forecast probability (P;) is more » Discrimination ability and EV ., of a forecast system are insensitive to forecast bias. Calibration, though improving the reliability, has no
than or equal to this threshold. The choice of a P, converts the effect on increasing the discrimination and EV ., of a forecast system. In addition, both the linear property of calibration methodology and
probabilistic forecast to a deterministic one. By varying P, a the accuracy of calibration results do not have the ability to modify discrimination.

sequence of values of H [=h/(h +m)]and F [ =¥/(f + c)] can be » The optimal P, for users to obtain their EV__. is different while adopting calibrated or uncalibrated forecasts.

derived using several 2X2 contingency tables (Table 1). The area
under the ROC curve is called ROC area, which reflects the
discrimination ability of a forecast system.

 When adopting an appropriate P,, users can still obtain their EV_., with biased forecasts.
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